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Image behavior recognition research based on auto encoder feature fusion

SONG Xu, LIU Guo-ying

(School of Computer and Information Engineering, Anyang Normal University, Anyang 455000, China)

Abstract; The traditional motion recognition algorithm is easy to be influenced by the environmental changes such as illumination
and occlusion, and the algorithm has low recognition rate and robustness. To improve the recognition rate and robustness, a
method of behavior recognition based on feature fusion of recurrent neural network and automatic coding machine was proposed.
Two kinds of methods were used to extract the behavior of the action using the recurrent neural network and the characteristics
of the automatic coding machine, AE features and RNN features were obtained. Feature similarity was introduced, the AE fea-
tures and RNN features were fused to form a more comprehensive and accurate AE-RNN feature. According to the characteris—
tics of AE-RNN, conditional random fields classify learning was utilized to finish behavior judgment of behavior. Experimental
results show that compared with the current commonly used behavior recognition algorithm. the proposed algorithm has higher
accurate recognition rate, which can adapt to complex background and behavioral changes.
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